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MOTIVATION

Tensor program transformations Derivation-based optimizer (our work)
* QOptimize program performance ﬂ Proposed technique: tensor expression derivation
* Preserve program outputs Q© Larger search space: tensor algebra transformations

@ Better performance: up to 2.7x speedup
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. eOperator: Kernel generation: tune kernels
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Search expression transformation space Initial expression_

Stage I: enlarge search space Stage | '@ "~. Max derivation steps
* Apply all derivation rules under a search depth limit ot age ]
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EVALUATION
End-to-end inference (up to 2.7x speedup) Effective on different backends
1 (A)TVM [ (B)TensorRT [ (C)PET [ (D)EinNet 1 cuBlas/cuDNN 1 AutoTVM 1 Ansor
EinNet + cuBlas/cuDNN [ EinNet + AutoTVM EinNet + Ansor
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